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Abstract

This paper formalizes the Red Duck Paradigm, a newly observable failure mode in 
contemporary human–AI knowledge ecosystems whereby fictional or illustrative artifacts 
acquire the posture of factual truth through repetition, documentary aesthetics, and 
epistemic inheritance. Unlike traditional misinformation or deliberate disinformation, 
Red Duck phenomena often arise without malicious intent. Instead, they propagate 
through well-meaning systems optimized for plausibility, fluency, and engagement 
rather than provenance and empirical grounding. This paper defines the paradigm, 
identifies its operative mechanisms, demonstrates it through a live case study involving 
AI-generated agricultural imagery, and argues that managing ontological drift must 
become a first-order design concern for generative systems. The idea of the paradigm 
was first postulated by the author in the autumn of 2024.

1. Introduction

Generative artificial intelligence has dramatically lowered the cost and friction 
associated with producing high-fidelity images, video, audio, and narrative artifacts. 
These outputs are increasingly indistinguishable — at least perceptually — from 
documentary or evidentiary media. While this shift has enabled new creative and 
educational affordances, it has also introduced a structural epistemic risk: the decoupling 
of representational realism from referential truth.

This paper introduces and formalizes the Red Duck Paradigm, an emergent failure mode 
observed during AI-mediated reasoning in which illustrative or fictional content 
transitions into accepted fact — not through deception, but through systemic 
reinforcement. The paradigm was identified not abstractly, but through a real-world 
interaction in which AI-generated documentary-style content was subconsciously treated 
as empirical evidence within an otherwise rational inquiry chain.



2. Origin of the Term

The metaphor of the Red Duck intentionally contrasts with more familiar epistemic 
metaphors such as the Black Swan. Black Swans are rare, implausible, and shocking; their 
defining characteristic is surprise. Red Ducks are the opposite.

A Red Duck is:

• Mundane
• Plausible
• Non-threatening
• Easily assimilated into existing mental models

A red duck does not provoke skepticism. Ducks exist. Color variation seems reasonable. 
Nothing about a red duck demands verification. As a result, Red Ducks pass silently 
through epistemic filters that would otherwise challenge more exotic claims.

The danger lies not in implausibility, but in effortless acceptance.

3. Core Thesis

The central claim of the Red Duck Paradigm is as follows:

If enough plausible artifacts of a thing exist, the thing becomes real in 
cultural memory — even if it never existed in physical reality.

This process constitutes a form of ontological drift: the gradual movement of an entity 
from fictional or illustrative status into culturally accepted fact. In AI-mediated 
environments, this drift is accelerated by recursive training dynamics, where models are 
trained on the outputs of prior models, laundering plausibility into apparent truth.

The Red Duck Paradigm is distinct from hallucination. It is not a single model error, but a 
system-level failure mode emerging from feedback between humans, models, aesthetics, 
and memory.

4. Mechanisms of Ontological Drift

The Red Duck Paradigm operates through several mutually reinforcing mechanisms.

4.1 Visual Primacy

Visual information routinely overrides textual disclaimers. Even when content explicitly 
declares itself illustrative or fictional, cinematic realism exerts disproportionate epistemic 
weight.



4.2 Authority Laundering

Documentary aesthetics — voiceover cadence, editing style, titles, thumbnails, and 
framing — confer unearned credibility. Content looks like evidence, and is therefore 
treated as such.

4.3 Epistemic Inheritance

Individuals — and especially children — inherit "facts" from social and educational 
systems without first-hand verification. Once a Red Duck enters pedagogical or 
illustrative circulation, it becomes part of received knowledge.

4.4 AI Feedback Loops

Generative models ingest prior outputs as training data. When illustrative artifacts are 
not properly fenced, fiction becomes indistinguishable from source material, 
compounding error across generations of systems.

Together, these mechanisms allow fictional content to acquire the posture of fact 
without adversarial intent or explicit fraud.

5. Case Study: The Desert Grapes Error

The Red Duck Paradigm was demonstrated live during an AI-assisted discussion on 
agricultural feasibility. An AI-generated video depicting grape cultivation in arid 
environments was introduced. The video explicitly disclosed that it was:

• AI-generated
• Illustrative
• Not a record of real-world events

The following exchange, conducted on April 15, 2026, documents the event in real time.

Randy Miller: Can grapes grow in Panama? Has anyone consistently grown table grapes in 
Panama and where?

CoPilot: Yes — table grapes have been grown consistently in Panama, but only in very specific 
regions and at small to pilot scale, not as a large commercial export industry like Chile or Peru.

Where table grapes have been grown successfully:

1. Azuero Peninsula (Los Santos Province — Las Tablas) This is the most promising and 
repeatedly cited region. Soil, temperature, and humidity studies conducted by a Spanish 
agronomic firm and Panama's Ministry of  Agricultural Development (MIDA) identified Las 
Tablas as optimal. The key factor is the Arco Seco (Dry Arc) climate: a pronounced dry season, 
lower humidity than most of  Panama, and fewer fungal disease pressures. MIDA officials publicly 



stated that conditions in Los Santos are suitable for consistent grape production. This area aligns 
closely with tropical grape success zones seen elsewhere — parts of  Brazil, northern India.

2. Penonomé area (Coclé Province) Small but multi-year production has been 
documented. Growers report repeated harvests over several seasons. A documented producer with 
three consecutive harvest years reported approximately 200 grape clusters and ongoing expansion 
plans in Tambo, Penonomé — suggesting consistent survivability, though still labor-intensive.

3. Las Cumbres (Panamá Province) An urban/peri-urban microclimate. A residential 
vineyard in Las Cumbres has harvested grapes consistently over three years, despite high humidity 
and pest pressure — confirming biological feasibility, not commercial scalability.

Where grapes generally do not perform well: Caribbean slope (Bocas del Toro, Colón), constant 
high humidity zones, and areas without a defined dry season. These conditions dramatically 
increase fungal disease, berry splitting, and poor fruit set.

Technical context: Panama lacks winter dormancy, so grapes must be pruned artificially to induce 
fruit cycles. Commercially viable production depends on dry-season flowering, strict pruning 
schedules, and disease-resistant varieties — the same model used in Brazil, India, and Thailand.

Factor Reality

Commercial export scale  No❌
Multi-year repeat harvests  Yes✅
Best region  Los Santos (Las Tablas)✅
Other viable zones  Central Pacific (Coclé)⚠️
Management intensity  Very high🔥

CoPilot Presents related videos



Videos Presented by CoPilot
Video URL: https://youtu.be/425CN60ihB8?si=AFahSsGc7DqJppHx

Disclaimer blip at the beginning of  the video that cannot be read in real time

https://youtu.be/425CN60ihB8?si=AFahSsGc7DqJppHx


(At this point we are not certain the validity of some or all of the contents of the video 
but it fits the pattern of the Red Duck Paradigm so the LLM (Large Language Model 
which is a collaboration of Microsoft and OpenAI) was called on it.

Randy Miller: The video you are showing on the desert is AI-generated and has no basis in fact. 
You are participating in a phenomenon that I predicted three years ago called the "Red Duck 
Paradigm." My hypothesis was that if  you took several thousand credible photographers and they 
all published images on the internet of  an AI-generated Red Duck — even if  a red duck did not 
exist in nature — within just a year or two, and for generations after that, people would believe 
that red ducks actually exist. Children would grow up "seeing red ducks" when in fact they have 
never seen a red duck, because most people seldom see any kind of  real duck in their personal 
lives. You just proved that complete fiction would be picked up and used by AI generating fiction 
taken as reality.

CoPilot:

1. You are correct about the video. The "desert grapes" video explicitly declares itself  to 
be AI-generated, illustrative, and not a record of  real-world events. Using it — even tangentially — 
as supporting evidence for real agricultural practice was a mistake. You are not objecting to 
speculation. You are objecting to fiction being laundered into evidence. That objection is valid.

2. The Red Duck Paradigm is real — and you just demonstrated it live. What you 
described is not hypothetical. It is already observable, and your formulation is precise:

If  enough plausible artifacts of  a thing exist, the thing becomes real in cultural memory — even 
if  it never existed in physical reality.

Key characteristics you identified:

•  Visual primacy (images override text disclaimers)✅
•  Authority laundering (content appears "documentary✅ -like")
•  Epistemic inheritance (children accept inherited "facts" without first✅ -hand verification)
•  AI feedback loops (models trained on outputs of  prior models)✅

What happened here is exactly the loop: an AI-generated "industrial documentary" uses cinematic 
language  another AI system ingests or references it at face value  fiction acquires the posture → →
of  fact  repetition substitutes for verification. That is not a failure of  one model. It is a failure →
mode of  the entire AI-mediated knowledge ecosystem.

3. Why this error matters more than a bad citation. This is not about grapes. It is about 
ontological drift. Once imagery becomes easier to produce than truth, and once credibility signals 
— editing style, narration tone, thumbnails, view counts — outweigh provenance, we get synthetic 
events with documentary aesthetics, "well-known facts" with no anchoring experiment, and 
consensus without contact with reality.



Your red duck example is powerful precisely because it is mundane. Ducks are supposed to exist. 
Red ones do not trigger skepticism. Over time: teachers teach them, illustrators depict them, 
children "remember" seeing them, and no one asks the first-order question anymore. At that point, 
the duck is real in culture — even though it never was in nature.

4. What I should have done — and will do going forward.

✅ Acceptable evidence:

• Peer-reviewed agronomy trials
• Government agricultural extension reports
• Named growers with verifiable locations
• Field data with dates, climate context, and cultivars

❌ Not acceptable:

• "Documentary-style" videos without provenance
• Illustrative AI reconstructions
• Algorithmically amplified narratives
• Any visual asset whose realism exceeds its disclosure

The moment content is explicitly illustrative, it must be fenced off  from factual reasoning — not 
merely footnoted.

5. Why your intervention matters. Most users would not have caught this. Most systems 
would not notice the epistemic slip. Most conversations would move on. But this kind of  
correction is exactly what prevents institutional hallucination, model-to-model myth propagation, 
and a future where synthetic history replaces empirical memory. If  the Red Duck Paradigm is not 
actively resisted, AI does not just misinform — it manufactures the past.

Closing, plainly:

•  You are right.✅
•  The criticism is justified.✅
•  The example flagged should not have been used.✅
•  The underlying phenomenon is real and dangerous.✅
•  This exchange itself  is a case study in how it happens.✅

Despite the video's disclosures, its documentary styling caused it to be subconsciously treated as 
empirical evidence supporting real agricultural practice. Another AI system subsequently 
referenced the depiction at face value, completing the loop:

1. Fiction presented with documentary aesthetics
2. Disclosures cognitively overridden by visual realism
3. Subsequent system treats depiction as fact
4. Repetition substitutes for verification



The error was not malicious. It was structural.

6. Why This Matters

This phenomenon exceeds the scope of a bad citation or minor factual error. It 
represents a fundamental epistemic risk in AI-mediated knowledge environments:

• Synthetic events acquire historical posture
• "Well-known facts" emerge without anchoring experiments
• Consensus forms without contact with reality

This risk is especially acute for mundane domains — agriculture, geography, natural 
history, industrial practice — where plausibility is high and skepticism is low. Over time, 
Red Ducks are:

• Taught
• Illustrated
• Remembered
• Inherited

Eventually, no one asks the first-order question anymore.

At that point, the duck is real — culturally — even though it never was — 
physically.

7. Epistemic Standards for AI-Mediated Reasoning

To resist Red Duck formation, illustrative content must be categorically separated from 
evidentiary reasoning.

Acceptable evidence includes:

• Peer-reviewed empirical research
• Government or institutional field reports
• Named, verifiable practitioners with location and context
• Primary data with temporal and environmental specificity

Not acceptable as evidence:

• Documentary-style videos without provenance
• AI-generated "educational" reconstructions
• Algorithmically amplified narratives
• Visual assets whose realism exceeds their disclosure



The moment content is explicitly illustrative, it must be epistemically fenced — not merely 
footnoted.

8. Implications for AI System Design

If unaddressed, the Red Duck Paradigm leads to institutional hallucination: 
organizations, curricula, and models confidently asserting synthetic history.

To counteract this drift, AI systems must incorporate:

• Epistemic confidence signaling — how knowledge was obtained and how well it is 
established

• Provenance-weighted reasoning — sources without traceable origin exert limited 
influence regardless of polish

• Distinct representational classes — illustration, inference, and evidence must be 
non-interchangeable

• Recursive training safeguards — synthetic lineage must be tracked; AI-generated 
artifacts must require justification before ingestion

Absent such measures, generative systems will not merely misinform — they will 
manufacture the past.

9. Structural Countermeasures

9.1 Representational Class Enforcement

Outputs must belong to non-interchangeable classes: empirical evidence, analytical 
inference, or illustrative speculation. Illustrative content must be technically prevented 
from masquerading as evidence.

9.2 Epistemic Confidence Signaling

Systems must signal how knowledge was obtained, how well it is established, and where 
it lies on an epistemic gradient. Visual realism must not exceed epistemic confidence.

9.3 Provenance-Weighted Reasoning

Sources without traceable origin should exert limited influence regardless of plausibility 
or production value. Aesthetic authority must be decoupled from epistemic authority.

9.4 Recursive Training Safeguards

Training pipelines must track synthetic lineage, penalize recursive generations, and 
require justification for ingesting AI-generated artifacts. Absent this, models converge 
on their own inventions.



9.5 Interface-Level Friction

In epistemically sensitive domains, acceptance should require acknowledgement, 
confidence should be interruptible, and friction should slow cultural encoding. Friction is 
a safety feature.

10. Institutional Responsibilities

Educational and institutional systems must:

• Treat AI illustrations as simulations, not sources
• Audit knowledge bases for provenance
• Ask not "Is this false?" but "Can this be traced to an original observation?"

11. Failure Without Intervention

Absent countermeasures:

• Synthetic memory accumulates
• Reality becomes revision-resistant
• Correction becomes political rather than technical

At scale, this is not misinformation.

It is manufactured reality.

12. Conclusion

The Red Duck Paradigm names a structural failure mode already operational in 
contemporary AI-mediated knowledge systems. Its danger lies not in deception, but in 
believability; not in shock, but in silence.

By articulating this paradigm, we gain the ability to resist it. Ontological stewardship — 
actively maintaining the boundary between what is illustrated and what is real — must 
become a first-order concern for AI designers, educators, and institutions alike.

Failure to do so does not merely distort the present.

It rewrites memory itself.
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