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A B S T R A C T

Generative artificial intelligence (GenAI) has rapidly entered romantic life, not only as a simulated partner but as 
an advisor and mediator that people consult about their human relationships. While prior reviews have syn
thesized romantic and emotional bonds between humans and AI companions, none has examined how GenAI- 
generated advice and communication enter relationships between humans as a third voice. This systematic re
view maps and synthesizes empirical research on the use of GenAI as an advisory or mediating third voice in 
couple relationships. Following the JBI methodology and the PRISMA 2020 guidelines, we searched seven da
tabases and screened records against predefined criteria, yielding 21 included studies (2024-2026) from 11 
countries and spanning experimental, qualitative, mixed-methods, and computational designs. A framework- 
based narrative synthesis organized findings around four themes: patterns and motivations of use, appraisal of 
advice quality, relational effects, and usage risks. Adults consulted AI for non-judgmental, low-cost advice and 
emotional support and, in some cases, to facilitate communication between partners. Users often rated GenAI 
advice as empathic and helpful, yet objective evaluations exposed weak alignment with expert judgment, 
inconsistent responding, and an anti-AI bias. Intervention studies provided preliminary evidence of short-term 
improvements in satisfaction and communication, although the strongest trial found no significant advantage 
over an established writing exercise. The literature also identified potential risks related to sycophancy, over
reliance, reduced authenticity, privacy, and safety, particularly in high-stakes contexts such as intimate partner 
violence. The evidence is promising but preliminary, suggesting that GenAI is currently best positioned as an 
adjunct to, rather than a substitute for, professional couple support. Longitudinal, dyadic, and safety-focused 
research is needed before these tools are adopted more broadly in relationship support.

1. Introduction

Nearly one in five adults in the United States report having 
exchanged messages with a generative artificial intelligence (GenAI) 
system built to act like a romantic partner, and among adults under 30, 
that share roughly doubles (Willoughby et al., 2025). Although this es
timate concerns interaction with AI framed as a romantic partner, it il
lustrates the broader speed with which conversational GenAI has 
entered intimate life and provides context for its emerging use within 
relationships between humans. This pattern of use indicates that GenAI 
has begun to enter romantic life not only as a substitute relational 
partner, but also as a resource through which people make sense of their 
human relationships (Brailas & Tsolakis, 2025; Luo et al., 2025; Smith 
et al., 2025). The same conversational systems that can imitate a part
ner are now widely used in real-life consultations (Alqurashi, 2025; Hou 

et al., 2024; Luo et al., 2025; Vowels, 2024).
People now turn to large language models (LLMs) with questions 

about jealousy, trust, intimacy, and conflict, and some studies suggest 
that they perceive the advice as helpful and empathetic (Vowels, 2024). 
In single-session intervention studies, ChatGPT has also been rated as 
demonstrating therapeutic skills, exploration, and clarity comparable to 
trained practitioners (Vowels et al., 2024). These findings suggest that 
GenAI is beginning to function as an informal source of relational 
guidance in people's intimate lives.

GenAI refers to large language model systems that produce fluent, 
context-sensitive text in response to natural-language prompts (Liu, 
2024). Unlike earlier relationship technologies, such as dating plat
forms or messaging applications, these systems do not merely connect 
people; they generate advice, language, and judgments that users may 
carry back into their relationships, including by drafting or softening 
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interpersonal messages (Fu et al., 2024; Meng et al., 2025).
In this review, eligible systems included general-purpose LLM in

terfaces, customized LLM-based applications, and purpose-built gener
ative prototypes. Rule-based conversational agents, scripted chatbots, 
recommendation algorithms, and other systems that did not generate 
open-ended language were excluded. Because the included studies were 
published between 2024 and 2026, the systems examined varied tech
nically, and findings obtained with earlier or purpose-built models may 
not transfer directly to newer architectures. Third voice is used as the 
umbrella concept for GenAI's involvement in a human couple relation
ship. It refers to a generated perspective, recommendation, formulation, 
or response that enters an ongoing or recently dissolved romantic rela
tionship. This role may be advisory, when one partner privately consults 
GenAI about the relationship, or mediating, when the system actively 
structures, reformulates, transmits, or facilitates communication be
tween partners (Brailas & Tsolakis, 2025; Döring & Mohseni, 2025; Luo 
et al., 2025; Vowels, 2024). Thus, mediation is one form of third-voice 
involvement, but not all third-voice use constitutes mediation.

In romantic life, GenAI can occupy two conceptually distinct roles. In 
the first, the AI itself becomes the object of romantic or emotional 
attachment: the user forms an ongoing bond with an artificial agent, 
such as Replika or Character.AI (Chan et al., 2025; Djufril et al., 2025; 
Dubey et al., 2026; Jocher & Verwiebe, 2026; Pan & Mou, 2024; Rocha, 
2025; Rodger & Field, 2025). In the second, GenAI functions as a third 
voice within a relationship between humans. One or both partners may 
consult it for advice, emotional support, message drafting, conflict 
reflection, or communication facilitation concerning a human partner 
(Brailas & Tsolakis, 2025; Döring & Mohseni, 2025; Luo et al., 2025; 
Vowels, 2024). The present review focuses exclusively on this second 
role.

In this review, a couple relationship refers to a self-identified 
romantic or intimate relationship between two adults, including 
dating, engaged, cohabiting, married, separated, or divorced relation
ships when the GenAI use relates directly to the current or former 
partner or to the relationship itself. The definition is based on the rela
tional function reported in each study rather than on legal marital status, 
co-residence, or formal recognition. We recognize that the meaning and 
boundaries of couple relationships vary across cultural and legal con
texts, including differences in the recognition of dating, cohabitation, 
marriage, same-sex relationships, and relationships embedded within 
extended-family structures. We therefore retained the terminology used 
by the original studies and did not impose a single legal or culturally 
specific definition across countries. Studies were eligible when the 
relationship was presented by participants or authors as romantic or 
couple-based and the reported GenAI use concerned that relationship.

These roles raise different empirical and ethical questions. Research 
on AI companionship asks how people form bonds with artificial agents 
(Adewale & Muhammad, 2025; Gur & Maaravi, 2025; Ho et al., 2025; 
Shu et al., 2026). Research on GenAI as a third voice asks how generated 
advice, language, or judgments influence an existing or recently dis
solved relationship between humans (Brailas & Tsolakis, 2025; Döring & 
Mohseni, 2025; Luo et al., 2025; Vowels, 2024). Importantly, the third 
voice need not be jointly invited or neutral: in many cases, one partner 
consults GenAI privately about the other (Smith et al., 2025). The 
concept therefore includes unilateral advisory use as well as the nar
rower category of active mediation between partners. The current re
view examines this broader third-voice role.

Research on this second role is accumulating across disciplines and 
methods, yet no review has synthesized the growing and sometimes 
contradictory evidence on GenAI as an instrument within human 
romantic relationships. Interview and survey studies show that adults 
consult GenAI for relational guidance, decision-making, and emotional 
support, and that many experience these interactions as at least some
what helpful, even while questioning their depth (Brailas & Tsolakis, 
2025; Luo et al., 2025). Users describe the value of these exchanges in 
terms of emotional support, perceived professionalism, and the freedom 

to speak without judgment, but also point to superficial engagement and 
uneven information quality (Luo et al., 2025). Survey evidence further 
suggests that couples expect these tools to improve the quality of their 
interactions (Alqurashi, 2025).

Experimental findings, however, are mixed. In a randomized trial 
with 258 participants, a GPT-4o-based chatbot improved relationship 
satisfaction, communication, and dyadic coping to a degree comparable 
to an established writing exercise (Vowels, Vowels, et al., 2025). By 
contrast, an analysis of more than 13,000 online posts found that 
LLM-based systems rank relationship advice in ways that align only 
weakly, and at times inversely, with human judgment (Hou et al., 2024). 
Evaluations of single-session counseling similarly suggest that systems 
praised for empathy may still assess risk poorly and rarely reach 
collaborative solutions (Vowels et al., 2024). Commentators therefore 
warn that routing relational effort through GenAI may erode the reci
procity on which human bonds depend and call for empirical attention 
before these tools spread further into couples’ lives (Keeler & Murphy, 
2026; Malfacini, 2025; Muldoon & Parke, 2025).

Taken together, the evidence suggests that GenAI is entering human 
couple relationships through several distinct functions, including uni
lateral advice-seeking, emotional support, message generation, and 
active communication facilitation. Existing reviews have synthesized 
relationships between humans and AI companions, but they have not 
examined how generated content becomes a third voice within re
lationships between humans. This gap matters because privately 
consulting an AI about a partner, co-writing intimate messages, and 
delegating parts of conflict resolution raise different questions about 
trust, authenticity, safety, and relational responsibility than forming a 
bond with an AI companion. Accordingly, this review synthesizes how 
GenAI functions as an advisory or mediating third voice in ongoing and 
recently dissolved human couple relationships. By integrating evidence 
from Human-Computer Interaction (HCI), psychology, and family sci
ence, and by including safety-critical contexts such as intimate partner 
violence and relationship dissolution, the review deliberately examines 
GenAI as a third voice across both everyday and high-stakes relational 
settings.

The systematic review is guided by the following questions: 

RQ1. What study characteristics and contexts define the current 
literature on adults' use of GenAI for couple-relationship purposes?
RQ2. How do adults use GenAI for couple relationship purposes, and 
what motivates that use?
RQ3. How do users appraise the quality and usefulness of the advice 
or support that they receive from GenAI?
RQ4. What effects on communication, conflict, intimacy, trust, and 
relationship satisfaction have been reported in the context of GenAI?
RQ5. What risks, ethical issues, and privacy concerns are identified 
in relation to GenAI use in couple relationships?

2. Methods

2.1. Study design

This systematic review was conducted in accordance with the 
methodological guidance of the Joanna Briggs Institute (JBI) for evi
dence synthesis (Tricco et al., 2022) and reported following the PRISMA 
2020 guidelines (Page et al., 2021). The review protocol was finalized 
before the systematic search conducted on June 7, 2026, and was 
deposited in OSF on July 14, 2026. Accordingly, the protocol guided the 
review process but was not prospectively registered. The protocol, 
search strategies, extracted dataset, PRISMA checklist, and methodo
logical appraisal are available in the OSF repository (https://doi.org/10 
.17605/OSF.IO/CGMS8). This study aimed to map and synthesize 
empirical research on GenAI as a third voice in ongoing or recently 
dissolved human couple relationships. The third-voice role included 
unilateral advisory use, emotional support concerning a human partner, 
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assistance with relational communication, and active mediation or 
facilitation between partners.

2.2. Eligibility criteria

The eligibility criteria were defined using the PICOS framework 
(Population, Intervention/Exposure, Comparator/Context, Outcomes, 
Study characteristics) and guided both title and abstract screening and 
full-text assessment. Table 1 summarizes the inclusion and exclusion 
criteria of this study.

Borderline cases were classified according to the primary relational 
object and function of the GenAI interaction. Studies were included 
when the human partner or human relationship remained the central 
object and GenAI was used to advise, support, simulate, reformulate, or 
facilitate communication concerning that relationship. Studies were 
excluded when the artificial agent itself became the primary romantic or 
intimate partner. In cases involving role-play, surrogate agents, or 
companion-like interactions, eligibility depended on whether the use 
was directed toward supporting or mediating the relationship between 
human partners. Eligibility also depended on whether the couple rela
tionship, rather than the broader family or parent-child relationship, 
was the substantive focus. Studies concerning parenting, co-parenting 
logistics, or extended-family conflict without extractable findings 
about the couple bond were excluded. Studies were included when the 
GenAI use concerned the couple bond, even when the couple had chil
dren; studies were excluded when the primary concern was parenting, 
co-parenting, in-law conflict, or another extended-family issue without 
extractable findings about the couple relationship.

2.3. Search strategy

The systematic search was conducted on June 7, 2026, in seven 
databases and search sources: PubMed, Scopus, Web of Science Core 
Collection, APA PsycINFO, Taylor & Francis Online, the ACM Digital 
Library, and Google Scholar. Each source was searched from inception 
through June 7, 2026, with results limited to publications from January 
2023 onward. A generic version of the search string was: (“generative 
AI” OR “generative artificial intelligence” OR ChatGPT OR “large lan
guage model*" OR “conversational agent*") AND (“romantic relation
ship*" OR couple* OR marriage OR marital OR “intimate partner*" OR 
dating). The search yielded 1476 records: PubMed (n = 54), Scopus (n =
538), Web of Science (n = 524), APA PsycINFO (n = 91), Taylor & 
Francis (n = 115), ACM (n = 140), and Google Scholar (n = 14). We 
included only peer-reviewed journal articles and eligible peer-reviewed 
conference contributions with sufficient empirical detail published in 
English from January 2023 onward. The complete search strategy for 
each database and search source, including field codes, Boolean opera
tors, date limits, language limits, and publication-status filters, is pro
vided in Appendix A.

2.4. Screening and study selection

Screening proceeded in three stages: (1) pilot screening of 10% of 
titles and abstracts by two reviewers to calibrate the eligibility criteria; 
(2) independent title-and-abstract screening of all records by two re
viewers; and (3) independent full-text assessment by two reviewers. 
Disagreements at both stages were resolved through discussion and 
consensus; a third reviewer was not required. Overall inter-rater 
agreement across screening decisions was almost perfect (κ = .83). 
Stage-specific coefficients were not calculated. Discrepancies were 
resolved through discussion until a consensus was reached, and the 
reasons for exclusion were documented systematically. A total of 1476 
records were retrieved; after removing 360 duplicates, 1116 records 
proceeded to title and abstract screening, 1046 were excluded. Among 
the remaining 70 records, 49 were excluded, while 21 studies met all 
eligibility criteria and were included in the final review. Fig. 1 shows the 

Table 1 
Inclusion and exclusion criteria.

Parameter Inclusion criteria Exclusion criteria

Population • Adults (≥18) currently or 
recently in a romantic/ 
couple relationship (dating, 
cohabiting, engaged, 
married, separated, or 
divorced reflecting on a 
prior relationship). Studies 
in which only one partner 
uses the tool are eligible.

• Separated or divorced 
participants are eligible only 
when the GenAI use relates 
directly to the former 
partner or the prior couple 
relationship.

• Studies based on 
professionals' reports of 
clients' use will be included 
but coded separately from 
studies involving direct 
reports by users or partners.

Children and adolescents 
(<18) only; parent-child or 
family relationships not 
focused on the couple bond; 
participants whose 
relationship status is 
irrelevant or unreported; 
participants whose 
relationship is with the AI 
itself.

Concept/ 
Phenomenon 
of interest

• Eligible tools are GenAI or 
LLM-based systems capable 
of producing open-ended 
natural-language responses 
in conversational or text- 
generation formats (e.g., 
ChatGPT, Gemini, Claude, 
Copilot).

• Tools act as a tool, advisor, 
mediator, or counselor for 
romantic-relationship pur
poses, including communi
cation, conflict resolution, 
advice-seeking, drafting or 
rephrasing messages to the 
partner, decision-making, 
and emotional support con
cerning the human partner. 
Broad use is included, not 
only formal advice or 
counseling.

GenAI used as the romantic 
or intimate partner (artificial 
companionship, e.g., Replika 
or Character.AI used 
romantically); non-GenAI 
such as dating-application 
matching algorithms, 
recommender systems, or 
sentiment-analysis tools; AI 
used for purposes unrelated 
to the couple relationship.

Context • Naturalistic or everyday 
use; use as an adjunct to or 
substitute for couple 
counseling; and 
experimental evaluations of 
GenAI relationship advice. 
Any country, culture, or 
setting.

• To be included, the study 
must report at least one 
empirical finding 
specifically about GenAI use 
for romantic/couple 
relationship matters.

• Contexts with no link to 
romantic relationships (e. 
g., friendship-only, work
place, or general mental- 
health support not tied to 
the relationship).

• Evaluative studies 
assessing the quality of 
GenAI and/or non-GenAI 
relationship advice are 
eligible.

Outcomes/ 
Phenomena 
examined

• Any of the following: usage 
patterns and motivations; 
perceived usefulness or 
helpfulness; effects on 
communication, conflict, 
intimacy, trust, jealousy, or 
relationship satisfaction; 
quality or accuracy of the 
artificial intelligence advice; 
and risks, harms, ethical, or 
privacy concerns.

• Studies reporting no 
outcome or finding 
relevant to the couple 
relationship, and/or non- 
GenAI usage.

Study design • Empirical studies, including 
quantitative (surveys, 
experiments, randomized 
controlled trials), 
qualitative (interviews, 
focus groups, ethnography), 
and mixed methods designs.

• Non-empirical work, 
including editorials, 
commentaries, opinion 
pieces, purely theoretical 
or conceptual papers, news 
and media articles, and 
blog posts; existing reviews 

(continued on next page)
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PRISMA flow diagram.

2.5. Data extraction

A structured data-extraction form was developed before full extrac
tion to ensure a shared interpretation of the review constructs. One 
reviewer extracted the data, and a second reviewer independently 
checked all entries for accuracy and completeness. Any discrepancies or 
unclear classifications were discussed and resolved by consensus. The 
extracted variables included: (1) study characteristics, including publi
cation year, country, population, relationship status of participants, 
study design, sample size, and the GenAI tool used. GenAI systems were 
also classified by technical form as general-purpose LLM interfaces (e.g., 
ChatGPT), customized or fine-tuned applications built on an LLM, or 
purpose-built research prototypes using generative language models. 
Rule-based and scripted conversational agents were not eligible; (2) 
characteristics of GenAI use, including the purpose of use, who used the 
tool, whether one or both partners engaged with it, and the relational 
task; and (3) outcomes, including usage patterns and motivations, 
perceived usefulness, effects on communication, conflict, intimacy, 
trust, relationship satisfaction, and reported risks and ethical concerns. 
All extracted data were organized in a spreadsheet to prepare for the 
narrative synthesis, and an overview of each included study is provided 
in Appendix B.

2.6. Methodological quality appraisal

Two reviewers independently assessed the methodological quality of 
the included studies using design-appropriate Joanna Briggs Institute 
critical appraisal tools. The Mixed Methods Appraisal Tool was addi
tionally used for studies combining qualitative and quantitative com
ponents. For computational, corpus-based, and prototype studies that 
did not correspond precisely to a standard checklist, the closest appli
cable JBI tool was adapted to consider sampling, data validity, analytical 
transparency, and the correspondence between the evidence and the 
conclusions. Disagreements were resolved through discussion and 
consensus. Studies were not excluded on the basis of methodological 

quality because the review aimed to map an emerging evidence base; 
however, the appraisal informed the interpretation and confidence 
assigned to the findings. Full study-level results are presented in 
Appendix C.

2.7. Data analysis and synthesis

We conducted a framework-based narrative synthesis. The coding 
scheme was developed a priori in line with the review's research ques
tions and the dimensions of use and effect identified across the litera
ture: communication, conflict, advice and decision-making, emotional 
support, the mediation of partner communication, authorship and 
authenticity, relational outcomes, and risks. During the synthesis, the 
framework was refined inductively when additional recurring categories 
emerged. Descriptive statistics were used to summarize the study char
acteristics, and the findings were organized according to the research 
questions, highlighting recurrent patterns, contradictions, methodolog
ical quality, and gaps.

Because the included studies were heterogeneous in design, popu
lation, unit of analysis, GenAI system, and outcome measures, quanti
tative pooling was not appropriate. Evidence was interpreted in relation 
to study design and quality rather than sample size alone. Large 
computational corpora were interpreted as evidence of patterns in texts 
or model outputs rather than as representative estimates of individual- 
level experiences and were not assigned greater weight solely because 
of sample size. The review questions and broad domains were specified 
in the review protocol, which was later deposited in OSF, whereas the 
final thematic organization was refined during synthesis.

For the descriptive visualizations in Figs. 2 and 3, outcome valence 
was coded as positive, mixed, or cautionary according to the overall 
direction of findings reported in each study. Studies were coded as 
positive when the reported findings were predominantly favorable, such 
as improved relational outcomes, high perceived usefulness, or favor
able evaluations of GenAI. Studies were coded as mixed when they re
ported both favorable and unfavorable findings, or when positive effects 
were accompanied by important limitations or null comparisons. Studies 
were coded as cautionary when the findings primarily emphasized risks, 
harms, poor performance, adverse relational consequences, or safety 
concerns, without a clearly favorable overall pattern. Coding was 
completed by one reviewer and checked by a second reviewer against 
the reported findings, with any differences discussed and resolved 
through consensus. The valence classification was used only for 
descriptive study-level visualizations.

3. Results

3.1. Characteristics of the included studies

The included studies were recent and geographically dispersed. All 
were published within a three-year window: three studies (14.3%) 
appeared in 2024, 10 (47.6%) in 2025, and eight (38.1%) in 2026, 
confirming that empirical research on GenAI in couple relationships is 
an emerging and rapidly expanding literature whose methods and 
reporting practices are still stabilizing. The studies represented 11 
countries. Countries were counted for each study in which they were 
represented; consequently, multinational studies contributed to more 
than one country total, and the country counts are not mutually exclu
sive. The United States was represented in seven studies, Switzerland 
and the United Kingdom in five studies each, China in three studies, and 
South Korea in two studies. Saudi Arabia, Greece, Germany, Australia, 
Malaysia, and Singapore were each represented in one study.

Methodologically, the corpus combined four traditions. Seven 
studies (33.3%) used experimental or quasi-experimental designs, 
including a randomized controlled trial, pre-post evaluations, and 
within-subjects HCI experiments; five (23.8%) used mixed-methods or 
multi-study designs; five (23.8%) used computational or observational 

Table 1 (continued )

Parameter Inclusion criteria Exclusion criteria

• Evaluative studies assessing 
the quality of GenAI and/or 
non-GenAI relationship 
advice are eligible.

• For online forum studies, 
samples are eligible when 
posts clearly concern adult 
romantic relationships, even 
if exact participant age is 
not individually verified.

(retained for reference-list 
screening only); study 
protocols.

Timeframe • Published from January 
2023 to the present (date of 
the search). Rationale: the 
public release of ChatGPT in 
late 2022 marks the 
beginning of the generative 
artificial-intelligence era.

• Published before January 
2023.

Language • English only. • Any language other than 
English.

Publication type 
and status

• Peer-reviewed journal 
articles and peer-reviewed 
conference contributions, 
including full papers, Late- 
Breaking Work, and 
Extended Abstracts (e.g., 
CHI, CSCW, UIST), provided 
that sufficient empirical 
detail is reported to extract 
study design, sample, and 
findings.

• Non-peer-reviewed 
preprints and repositories 
such as arXiv; abstracts 
without extractable 
empirical results; grey 
literature; dissertations 
and theses; retracted 
articles.
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Fig. 1. PRISMA 2020 flow diagram of study selection. Adapted from Page et al. (2021). Note. GenAI = generative artificial intelligence.

Fig. 2. Reported outcomes by publication year (N = 21).
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designs, including content analyses of online forum data, a population 
survey, an exploratory analysis of human-LLM conversations, and a 
proof-of-concept system evaluation; and four (19.0%) used qualitative 
designs (semi-structured interviews, reflexive thematic analysis, or 
collaborative ethnography). Units and sample sizes were correspond
ingly heterogeneous, ranging from small qualitative panels (e.g., N = 10 
interviewees; Brailas & Tsolakis, 2025) and dyadic laboratory studies (e. 
g., 36 couples; Jiang et al., 2026) to large online samples (N = 2658; 
Döring & Mohseni, 2025), a survey of 693 couples (Alqurashi, 2025), 
and corpora exceeding 13,000 forum posts (Hou et al., 2024).

Five of the 21 included studies (23.8%) were produced by the same 
research group and formed part of the related Amanda intervention 
program (Vowels et al., 2024, 2025a, 2025b, 2025c; Vowels, 2024). This 
concentration was considered when interpreting the independence and 
generalizability of the intervention evidence.

The GenAI systems studied were predominantly ChatGPT and other 
GPT-based models; several studies evaluated purpose-built prototypes, 
including the voice-based Amanda chatbot (Vowels, Sweeney, & 
Vowels, 2025), the nonviolent-communication system MoodBridge 
(Chen & Zhang, 2026), and the conflict-training system ConflictLens 
(Chun et al., 2025), while two studies examined GenAI generically 
(Alqurashi, 2025; Döring & Mohseni, 2025). Across the corpus, GenAI 
functioned as a third voice in two principal ways. In the more common 
advisory role, one person consulted the system privately about a human 
partner or relationship. In the narrower mediating role, GenAI actively 
structured, reformulated, transmitted, or facilitated communication 
between partners. The synthesis below integrates evidence from both 
advisory and mediating uses while maintaining the distinction between 
them.

Figs. 2 and 3 summarize the corpus. Reported study outcomes are 
shown by publication year in Fig. 2 and by research theme in Fig. 3.

3.2. Patterns and motivations of GenAI use

Across the corpus, adults engaged GenAI for couple-related purposes 
along a continuum from one-off advice-seeking to the sustained medi
ation of partner communication. The most frequently documented use 
was consulting for relationship advice and emotional support 

concerning a human partner (Brailas & Tsolakis, 2025; Tseng & Liang, 
2026; Vowels, 2024). In interview and questionnaire studies, users 
described turning to GenAI for guidance on jealousy, trust, intimacy, 
sexual matters, relationship maintenance, and emotional conflict 
(Brailas & Tsolakis, 2025), and for help at specific relational junctures 
such as breakups (Fu et al., 2025; Ungless & Sastry, 2026) and disclo
sures of intimate partner violence (Foriest et al., 2026; Zhang et al., 
2025). Motivations recurred across studies: the perceived availability, 
low cost, and non-judgmental quality of GenAI, and the freedom to 
disclose without stigma, with some users reporting that they disclosed 
more than to people in their own social networks (Tseng & Liang, 2026; 
Vowels et al., 2024).

A second, design-oriented body of work documented an emerging 
use of generative AI to mediate communication between partners rather 
than to advise one of them: drafting, softening, or rephrasing difficult 
messages (Fan et al., 2026), scaffolding reciprocal self-disclosure (Jiang 
et al., 2026), restructuring expressions through 
nonviolent-communication frameworks (Chen & Zhang, 2026), sup
porting conflict-resolution practice (Chun et al., 2025), negotiating on 
partners’ behalf through surrogate agents (Zhang et al., 2026), and 
sustaining connection in long-distance relationships (Ploderer et al., 
2025). Survey evidence indicated generally favorable expectations 
regarding such use: in a study of 693 Saudi couples, most participants 
believed that GenAI could improve relationship quality (Alqurashi, 
2025).

3.3. Appraisal of the quality and usefulness of GenAI advice

Studies that evaluated the quality of GenAI relationship advice 
produced a consistent but two-sided picture: users, and even pro
fessionals, often rated GenAI responses highly on interpersonal qualities, 
whereas objective and expert assessments exposed important limita
tions. Several studies found that laypeople perceived GenAI answers to 
relationship questions as more helpful and more empathic than answers 
from human relationship experts (Vowels, 2024), and that relationship 
therapists rated single GenAI sessions highly on empathy, active 
listening, and exploration (Vowels, 2024; Vowels et al., 2024). Quali
tative accounts echoed this, with participants valuing GenAI for 

Fig. 3. Research theme by reported outcome valence (N = 21).
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emotional support, perceived professionalism, and accessibility, while 
judging it superficial and not a sufficient substitute for human interac
tion (Brailas & Tsolakis, 2025; Vowels et al., 2024).

Against these favorable appraisals, evaluative and computational 
studies identified reliability problems. An analysis of 13,138 Reddit 
posts found only weak, and at times inverse, alignment between 
ChatGPT's ranking of relationship advice and human judgment, together 
with inconsistency when identical queries were re-prompted (Hou et al., 
2024). In the intimate partner violence (IPV) context, Zhang et al. 
(2025) evaluated ChatGPT-3.5 using 580 online posts, including 500 
IPV-related posts and 80 comparison posts. The model correctly iden
tified IPV in 91.2% of the IPV cases and generally provided emotional 
and informational support, but it misclassified some cases involving 
nuanced contextual information or platform-policy constraints. Because 
even a small number of false negatives or misleading responses may 
have serious consequences in safety-critical situations, this result should 
not be interpreted as evidence of clinical reliability. A separate evalua
tion similarly found that LLMs' provision of hermeneutic resources to 
survivors was uneven and could carry risk (Foriest et al., 2026).

Two further limitations recurred across evaluations: repetitive 
responding and inadequate assessment of risk (Vowels, 2024; Vowels 
et al., 2024). Finally, appraisal was shaped by who, or what, users 
believed had produced the content: identical couple-counseling excerpts 
were rated less favorably when labeled as AI-generated than when 
labeled as human-authored (d = .23), an anti-AI bias that also extended 
to couple images (d = .21) and was moderated by users’ attitudes and AI 
literacy (Döring & Mohseni, 2025).

This finding may indicate a distinction between willingness to con
sult AI privately and willingness to endorse AI-authored relational 
communication when its involvement is made salient. Because the study 
manipulated authorship labels rather than observing naturalistic use, 
the result may reflect skepticism about authenticity, effort, or social 
appropriateness rather than a general unwillingness to use GenAI.

3.4. Effects on communication, conflict, intimacy, trust, and satisfaction

Evidence on relational effects came primarily from intervention ex
periments and HCI system evaluations. Outcomes were generally 
measured immediately after a single session or brief intervention. The 
longest clearly reported follow-up in the intervention evidence was two 
weeks, and no included study established whether relational effects 
persisted over months or translated into durable behavioral change. The 
strongest evidence came from a randomized controlled trial (N = 258) in 
which a GPT-4o-based intervention produced improvements across 13 
of 14 assessed outcomes, with some effects maintained or strengthened 
at the two-week follow-up. Using the reported follow-up means, stan
dard deviations, and sample sizes, we calculated an unadjusted between- 
group difference of − .49 for relationship satisfaction (95% CI [− 1.71, 
.73]). This small, nonsignificant difference was consistent with the re
ported nonsignificant group-by-time interaction, F(2, 474) = 1.60, 
p = .203, η2p = .007. Overall, the changes did not differ significantly 
from those produced by an established writing exercise, limiting attri
bution of the improvements specifically to GenAI (Vowels, Vowels, 
et al., 2025).

Controlled HCI studies examined effects on the communicative 
process itself. A randomized dyadic study (36 couples, N = 72) found 
that GenAI scaffolding which actively mediated the partner's response, 
rather than merely prompting disclosure, reliably elicited partner- 
provided need support and increased perceived closeness (Jiang et al., 
2026), and a collaborative drawing system improved partner under
standing and relational awareness among 20 couples (Won et al., 2026). 
However, the same literature surfaced relational risks specific to medi
ation. Delegating one's stance in a conflict to surrogate agents could 
externalize the conflict and reduce personal blame, but also led partners 
to identify with “their” bot and to feel uneasy about GenAI intrusion 
(Zhang et al., 2026); and experiments on GenAI-assisted intimate 

messaging showed that heavier GenAI involvement in producing a 
message weakened the receiver's attributions of effort, authorship, and 
authenticity, an effect that a brief sender-voiced disclosure only partly 
offset (Fan et al., 2026). Prototype and pilot systems for nonviolent 
communication and conflict-resolution practice reported early signals of 
feasibility and perceived usefulness but had not yet established effects 
on relationship outcomes (Chen & Zhang, 2026; Chun et al., 2025).

3.5. Risks, ethical, and privacy concerns

Risks and ethical concerns were identified across several study types. 
The most frequently raised concern was sycophancy and overreliance: 
because GenAI systems tend to validate the user, a partner who consults 
one alone may receive one-sided affirmation and grow dependent on 
GenAI for relational decisions; users themselves described developing 
folk theories and prompting tactics to counteract this tendency (Tseng & 
Liang, 2026). Authenticity and transparency formed a second cluster: 
across HCI studies, partners reacted negatively to undisclosed GenAI 
involvement in intimate messages, treating AI-written communication 
as less trustworthy and as a potential threat to genuine connection (Fan 
et al., 2026; Zhang et al., 2026). A third cluster concerned safety in 
high-stakes situations, particularly intimate partner violence, where 
GenAI could provide accessible hermeneutic resources and validation 
but also introduced novel forms of epistemic injustice and risk through 
misdirection or unsafe guidance (Foriest et al., 2026; Zhang et al., 2025).

Studies of relationship dissolution similarly cautioned that, although 
GenAI can offer companionship and practical help during a breakup, it 
may fail to meet, or may actively undermine, people's needs at the most 
sensitive stages (Fu et al., 2025; Ungless & Sastry, 2026). Privacy was 
raised explicitly, as users disclosed highly sensitive relational informa
tion to commercial systems (Tseng & Liang, 2026). Finally, several au
thors stressed governance and professional implications: family 
therapists were urged to monitor partners' GenAI use and to develop 
ethical regulations (Alqurashi, 2025), and authors across the corpus 
converged on the conclusion that current GenAI systems' limitations in 
risk assessment must be addressed before such tools can be safely 
adopted in relationship support (Vowels, 2024; Vowels et al., 2024).

4. Discussion

4.1. Principal findings

This review synthesized 21 empirical studies on how GenAI operates 
as a third party within couple relationships. Four findings stand out. 
First, GenAI functions as a third voice across a continuum from unilat
eral advice-seeking about a partner to active facilitation of communi
cation between partners. Because most uses are advisory rather than 
genuinely mediating, the broader third-voice framing better represents 
the available evidence. Second, appraisals of GenAI advice are consis
tently two-sided: users and professionals rate LLM-based responses as 
empathic and helpful, yet objective and computational evaluations 
reveal weak alignment with expert judgment, inconsistent responding, 
and poor risk assessment. Third, intervention studies provide pre
liminary evidence of improvements in satisfaction, communication, and 
dyadic coping measured immediately after use or over brief follow-up 
periods. However, the strongest randomized trial found no significant 
advantage over an established writing exercise, limiting claims that the 
improvements were specific to GenAI. Fourth, the literature identifies 
recurring concerns related to sycophancy and overreliance, authenticity 
and transparency, and safety in high-stakes contexts such as intimate 
partner violence. These concerns are credible but are supported mainly 
by qualitative, computational, and prototype studies, and their preva
lence remains unknown.

These conclusions are not supported equally across the evidence 
base. Confidence is greatest in the conclusion that users often perceive 
GenAI advice as empathic and helpful, because this pattern appeared 
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across several study designs. Evidence of improvement in relationship 
outcomes is more limited: it derives mainly from short-term in
terventions, including several studies from the same research program, 
and should therefore be regarded as preliminary. Evidence concerning 
sycophancy, authenticity, privacy, and safety is recurrent but is drawn 
largely from qualitative, computational, and prototype studies; it iden
tifies credible risks but does not establish their prevalence among 
couples.

4.2. Generative AI as a relational third voice

Our findings position GenAI as a distinctive kind of relational third 
party, one that is simultaneously experienced as supportive and judged 
as unreliable. The same non-judgmental availability that draws partners 
to disclose more to a GenAI than to people in their networks (Tseng & 
Liang, 2026) is also what enables sycophantic, one-sided affirmation 
when only one partner is at the keyboard. This finding is usefully situ
ated within research on human-avatar and human-agent interaction, 
which suggests that artificial or non-human social partners can shape 
users' perceptions of safety, judgment, and response strategies in digi
tally mediated encounters (Richards et al., 2020; Wang et al., 2024). In 
this context, GenAI's non-judgmental availability may provide a safer 
space for error, experimentation, and self-disclosure, particularly when 
the agent is not strongly anthropomorphic.

Where companion research foregrounds attachment and loneliness, 
the evidence here foregrounds mediation: GenAI reshapes how partners 
draft messages, disclose, and resolve conflict, and in doing so can alter 
perceived effort, authorship, and authenticity (Fan et al., 2026; Zhang 
et al., 2026). The dyadic and frequently asymmetric nature of this use, 
often involving one partner consulting GenAI about the other, is the 
central conceptual contribution of treating GenAI as a third voice rather 
than as a partner. This framing resonates with Haber et al.’s (2024)
concept of the artificial third, a non-human presence that enters an 
existing dyad and reshapes its interpersonal dynamics. It also aligns with 
Bowen's (1978) concept of triangulation: when one partner turns to 
GenAI about the other, the system may become the third point in the 
relational triangle, potentially reducing immediate tension while leav
ing the underlying conflict unresolved. GenAI may therefore support 
reflection and communication, but it may also reinforce one partner's 
perspective or redirect relational tension away from direct interaction 
between the partners.

Patterns and motivations of use. GenAI may lower the social and 
emotional costs of disclosure: unlike a friend, therapist, or partner, it 
carries little immediate risk of judgment, gossip, or relational fallout, 
which may encourage users to disclose more freely and consult it at 
moments of heightened vulnerability (Tseng & Liang, 2026; Vowels 
et al., 2024). This interpretation aligns with broader work on 
AI-mediated social support, where conversational systems are experi
enced as safe, always-available confidants (Meng et al., 2025; Smith 
et al., 2025). The available evidence also suggests that GenAI use may 
be particularly salient at stigmatized or high-stakes relational junctures, 
including conflict, breakups, and intimate partner violence (Foriest 
et al., 2026; Fu et al., 2025; Ungless & Sastry, 2026; Zhang et al., 
2025). However, this pattern is based on a small number of qualitative 
and computational studies and should not be interpreted as evidence of 
prevalence.

Appraisal of advice quality. This gap between perceived helpfulness 
and evaluated performance may reflect a divergence between inter
personal warmth cues and substantive accuracy. GenAI is optimized to 
produce fluent, validating, emotionally attuned language, and these 
surface features drive perceived helpfulness even when the underlying 
guidance is generic or incorrect (Smith et al., 2025).

The anti-AI labeling effect documented by Döring and Mohseni 

(2025) may reflect a related but distinct process. Users may respond 
positively to fluent and empathic AI advice when seeking help privately, 
yet discount identical content when AI authorship is made explicit in a 
relational evaluation. This pattern may indicate concerns about 
authenticity, effort, or social acceptability, although the available evi
dence does not establish the underlying mechanism. It also remains 
possible that responses were influenced by demand characteristics or 
socially desirable attitudes toward human-authored intimacy. For rela
tionship support this is consequential, because users may calibrate their 
trust on emotional tone rather than on accuracy, the dimension on 
which current systems are weakest (Hou et al., 2024; Vowels et al., 
2024).

Effects on communication, conflict, intimacy, trust, and satisfaction. The 
absence of a significant advantage over an established writing exercise 
suggests that the observed improvements may have resulted partly from 
the structured articulation of relational concerns rather than from GenAI 
itself (Vowels, Vowels, et al., 2025). Viewed through the 
systemic-transactional model of dyadic coping (Bodenmann, 1995), 
relationship benefits may arise from partners' shared appraisal of and 
joint coping with stress, processes that GenAI can prompt or scaffold but 
cannot itself perform. This interpretation is reinforced by evidence that 
effects depend on whether the system actively mediates the partner's 
response rather than merely prompting disclosure (Jiang et al., 2026). It 
therefore tempers enthusiasm about GenAI as a relational intervention 
and underscores the need for active-control, dyadic, and longer-term 
designs before such tools can be said to improve relationships in their 
own right (Smith et al., 2025).

Risks, ethical, and privacy concerns. These risks can be understood as 
the reverse side of the features that make GenAI attractive. The non- 
judgmental availability that encourages disclosure may also produce 
one-sided affirmation when only one partner is at the keyboard (Tseng & 
Liang, 2026), while the fluent language that drives perceived helpful
ness may make undisclosed GenAI mediation feel like a breach of 
authenticity (Fan et al., 2026; Zhang et al., 2026). In safety-critical 
contexts such as intimate partner violence, these same limitations may 
have more serious consequences, particularly when systems provide 
misleading interpretations or unsafe guidance (Foriest et al., 2026; 
Zhang et al., 2025). A further concern, extrapolated from adjacent 
research rather than established directly in the included studies, is 
representational bias. Generative systems may encode demographic, 
gender, and cultural skews in their outputs (Alon et al., 2026a, Alon 
et al., 2026b), and relationship advice may therefore reproduce 
gendered or heteronormative assumptions. Comparable concerns about 
overreliance, commodified intimacy, and the erosion of human reci
procity have been raised in the adjacent literature on AI companionship 
(Laestadius et al., 2024; Malfacini, 2025; Muldoon & Parke, 2025), and 
the sensitivity of the relational data disclosed to commercial systems 
makes privacy a pressing concern (Ma et al., 2026; Tseng & Liang, 
2026).

4.3. Implications for practice

The findings support several specific implications. For couples and 
practitioners, GenAI should be treated as an adjunct to human relational 
work rather than as a substitute for professional couple support. Prac
titioners may need to ask whether either partner uses GenAI for advice, 
message drafting, or conflict interpretation and to discuss how gener
ated advice is evaluated, disclosed, and integrated into the relationship 
(Alqurashi, 2025; Vowels et al., 2024). For designers, systems that 
generate or substantially rewrite intimate communication should clearly 
indicate when GenAI has shaped the message and should enable users to 
retain, revise, and approve the final wording. Systems should also avoid 
uniformly affirming one partner's interpretation and instead 

I. Levkovich and L. Alon                                                                                                                                                                                                                      Computers in Human Behavior Reports 23 (2026) 101255 

8 



acknowledge uncertainty, invite consideration of the absent partner's 
perspective, and avoid presenting relationship judgments as authorita
tive. These features may reduce sycophancy, undisclosed mediation, and 
misplaced confidence in generated advice (Fan et al., 2026; Tseng & 
Liang, 2026; Zhang et al., 2026).

In safety-critical contexts, particularly intimate partner violence, 
GenAI systems should not rely on general conversational guidance 
alone. They should include validated risk-detection procedures, clear 
statements about the limits of the system, escalation pathways to qual
ified human support, and locally appropriate emergency or specialist 
resources. Responses should avoid advising confrontation, reconcilia
tion, or disclosure when such actions could increase danger (Foriest 
et al., 2026; Zhang et al., 2025). For governance, platforms should 
provide clear information about how intimate relational data are stored, 
retained, used for model improvement, and shared with third parties. 
Users should be able to delete relationship-related conversations and opt 
out of secondary data use. Professional guidance should also distinguish 
private advisory use from GenAI-mediated couple interventions, where 
disclosure to both partners and informed agreement about the system's 
role may be necessary. These recommendations remain provisional 
because the evidence base is limited and rapidly evolving. They reflect 
the concerns and patterns identified in the included studies rather than 
established standards of clinical effectiveness or safety.

4.4. Strengths and limitations

This review has several strengths, including transparent reporting in 
line with PRISMA 2020, a design-appropriate methodological quality 
appraisal, and a framework-based synthesis integrating evidence across 
HCI, psychology, and family science. The review also brings together 
experimental, qualitative, mixed-methods, computational, and forum- 
based studies from 11 countries and includes both everyday relational 
use and safety-critical contexts such as intimate partner violence and 
relationship dissolution.

Several limitations temper the conclusions. The evidence base is 
young and fast-moving: all included studies appeared within a three- 
year window, and many used small, self-selected, or non- 
representative samples. Rapid model turnover further limits the dura
bility of specific performance findings, as results obtained with earlier 
systems such as GPT-3.5 or GPT-4o may not transfer directly to current 
models. Follow-up periods were very limited. Most intervention out
comes were assessed immediately after a single session or brief period of 
use, and the longest clearly reported follow-up was two weeks. Behav
ioral and relational outcomes, including actual communication 
behavior, conflict frequency, relationship continuity, and sustained 
dyadic change, were rarely assessed. Accordingly, self-reported satis
faction and perceived helpfulness should not be interpreted as evidence 
of durable real-world relational change.

The literature is geographically and linguistically concentrated in 
English-language, Western, and East Asian contexts, with limited rep
resentation of the Global South, Africa, and parts of the Middle East. In 
addition, the construct of a couple relationship is culturally contingent, 
and synthesizing studies from 11 countries under a common category 
may obscure differences in relationship norms, legal recognition, 
extended-family involvement, and perceptions of third-party interven
tion. Although the review concerns couples, most studies captured the 
perspective of only one partner. Five included studies also formed part of 
a connected research program examining related stages of the Amanda 
intervention. These studies provide complementary evidence but should 
not be interpreted as independent replications. The intervention evi
dence therefore remains less independent and less broadly generalizable 
than the number of publications alone might suggest.

The review excluded non-peer-reviewed preprints, grey literature, 
and conference materials without sufficient empirical detail. Relevant 
emerging work may therefore have been missed, particularly in a 
rapidly developing field. Publication bias is also possible, as studies 
reporting favorable or novel effects may be more likely to be submitted 
and published than studies reporting null or unfavorable findings. A 
further methodological constraint is that most current GenAI systems 
are designed for individual users rather than couples. As a result, one 
partner often interacts with the system without the other partner's 
participation, knowledge, or consent. Dyadic research will therefore 
require methodological innovation, including shared-interface designs, 
linked but private partner accounts, consent procedures for AI-mediated 
communication, and methods that capture both partners' responses over 
time. Until such designs become more common, the evidence will 
remain weighted toward the experience of the partner who consults the 
system.

5. Conclusion

This review provides the first synthesis of how GenAI functions not as 
a romantic partner but as a third voice within human couple relation
ships. Across 21 studies a consistent picture emerges: adults turn to 
GenAI for accessible, low-cost, and non-judgmental advice, and 
increasingly enlist it to mediate communication with a partner, while 
early intervention work provides preliminary evidence of short-term 
improvements in relationship satisfaction, communication, and dyadic 
coping. However, the strongest trial found no significant advantage over 
an established writing exercise, and no study established durable effects 
over months. These possible benefits must be considered alongside 
recurring concerns identified in the literature, including sycophancy and 
one-sided affirmation when a single partner consults the system alone, 
threats to perceived authenticity and effort when GenAI co-writes inti
mate messages, advice that is rated as empathic yet proves objectively 
uneven, and serious privacy and safety concerns in high-stakes contexts 
such as intimate partner violence. The evidence base remains young, 
methodologically uneven, and concentrated on short-term outcomes, 
and as conversational systems are rapidly updated these insights may 
quickly become outdated. Safer use will require transparent disclosure 
when GenAI shapes intimate communication, safeguards against one- 
sided affirmation, clear privacy controls for sensitive relational data, 
and validated escalation procedures for high-risk contexts such as inti
mate partner violence. It will also require dyadic research methods 
designed for technologies that are currently accessed mainly through 
individual-user accounts.
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Appendix A. PRISMA-S search documentation and database-specific search strategies

All searches were conducted on June 7, 2026. Searches covered publications from January 1, 2023, through June 7, 2026, and were limited to 
English-language records. Only peer-reviewed journal articles and eligible peer-reviewed conference contributions were retained during screening.

Database or 
search source

Search field Full search strategy Limits and filters Date 
searched

PubMed Title/Abstract ((“generative AI"[Title/Abstract] OR “generative artificial 
intelligence"[Title/Abstract] OR ChatGPT[Title/Abstract] OR 
“large language model"[Title/Abstract] OR “large language 
models"[Title/Abstract] OR LLM[Title/Abstract] OR LLMs 
[Title/Abstract] OR “conversational agent"[Title/Abstract] OR 
“conversational agents"[Title/Abstract]) AND (“romantic 
relationship"[Title/Abstract] OR “romantic 
relationships"[Title/Abstract] OR couple[Title/Abstract] OR 
couples[Title/Abstract] OR marriage[Title/Abstract] OR 
marital[Title/Abstract] OR spouse[Title/Abstract] OR spouses 
[Title/Abstract] OR partner[Title/Abstract] OR partners[Title/ 
Abstract] OR “intimate partner"[Title/Abstract] OR “intimate 
partners"[Title/Abstract] OR dating[Title/Abstract] OR 
breakup[Title/Abstract] OR breakups[Title/Abstract] OR 
divorce[Title/Abstract] OR divorced[Title/Abstract]))

English; publication date 2023/01/01–2026/06/ 
07. Peer-reviewed publication status assessed 
during screening.

June 7, 
2026

Scopus Title, abstract, and 
keywords

TITLE-ABS-KEY((“generative AI” OR “generative artificial 
intelligence” OR ChatGPT OR “large language model” OR “large 
language models” OR LLM OR LLMs OR “conversational agent” 
OR “conversational agents”) AND (“romantic relationship” OR 
“romantic relationships” OR couple OR couples OR marriage OR 
marital OR spouse OR spouses OR partner OR partners OR 
“intimate partner” OR “intimate partners” OR dating OR 
breakup OR breakups OR divorce OR divorced))

PUBYEAR > 2022 AND PUBYEAR < 2027; English. 
Journal articles and eligible conference papers 
retained during screening.

June 7, 
2026

Web of Science 
Core 
Collection

Topic: title, abstract, 
author keywords, and 
Keywords Plus

TS=((“generative AI” OR “generative artificial intelligence” OR 
ChatGPT OR “large language model” OR “large language 
models” OR LLM OR LLMs OR “conversational agent” OR 
“conversational agents”) AND (“romantic relationship” OR 
“romantic relationships” OR couple OR couples OR marriage OR 
marital OR spouse OR spouses OR partner OR partners OR 
“intimate partner” OR “intimate partners” OR dating OR 
breakup OR breakups OR divorce OR divorced))

Publication years 2023–2026; English. Peer- 
reviewed publication type assessed during 
screening.

June 7, 
2026

APA PsycINFO Title, abstract, and 
subject terms

((“generative AI” OR “generative artificial intelligence” OR 
ChatGPT OR “large language model*" OR LLM* OR 
“conversational agent*") AND (“romantic relationship*" OR 
couple* OR marriage OR marital OR spouse* OR partner* OR 
“intimate partner*" OR dating OR breakup* OR divorce* OR 
divorced))

Publication years 2023–2026; English; journal 
articles and eligible peer-reviewed conference 
contributions.

June 7, 
2026

Taylor & 
Francis 
Online

Anywhere in article (“generative AI” OR “generative artificial intelligence” OR 
ChatGPT OR “large language model” OR “large language 
models” OR LLM OR LLMs OR “conversational agent” OR 
“conversational agents”) AND (“romantic relationship” OR 
“romantic relationships” OR couple OR couples OR marriage OR 
marital OR spouse OR spouses OR partner OR partners OR 
“intimate partner” OR “intimate partners” OR dating OR 
breakup OR breakups OR divorce OR divorced)

Publication date January 1, 2023–June 7, 2026; 
English. Peer-reviewed research articles retained 
during screening.

June 7, 
2026

ACM Digital 
Library

Title, abstract, and 
author keywords

((“generative AI” OR “generative artificial intelligence” OR 
ChatGPT OR “large language model” OR “large language 
models” OR LLM OR LLMs OR “conversational agent” OR 
“conversational agents”) AND (“romantic relationship” OR 
“romantic relationships” OR couple OR couples OR marriage OR 
marital OR spouse OR spouses OR partner OR partners OR 
“intimate partner” OR “intimate partners” OR dating OR 
breakup OR breakups OR divorce OR divorced))

Publication years 2023–2026; research articles, full 
conference papers, Late-Breaking Work, and 
Extended Abstracts with sufficient empirical 
information.

June 7, 
2026

Google Scholar Full record Separate simplified searches were conducted because Google 
Scholar does not process long Boolean strings consistently: 
“generative AI” “romantic relationship”; ChatGPT “relationship 
advice”; “large language model” couples; ChatGPT marriage; 
ChatGPT dating; ChatGPT breakup; ChatGPT “intimate 
partner”; “generative AI” couple communication

Custom date range 2023–2026; English-language 
peer-reviewed records retained during screening. 
Results were screened manually for eligibility.

June 7, 
2026

Appendix B. Characteristics of the included studies (N ¼ 21)
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# Study Country Design Sample GenAI system Main findings

1 Hou et al. (2024) USA Computational/ 
content analysis

13,138 Reddit posts ChatGPT • ChatGPT's advice rankings diverged from 
human judgment

• Inconsistent answers on re-prompting raise 
reliability concerns

2 Vowels (2024) Switzerland Experiments +
evaluation

Three studies (up to 
N = 123)

ChatGPT • Chatbots seen as more helpful and empathic 
than human experts

• Therapists rated chatbot sessions highly on 
empathy

3 Vowels et al. (2024) Switzerland/ 
UK

Qualitative (thematic 
analysis)

N = 20 ChatGPT • Single-session ChatGPT counseling rated high 
on empathy and helpfulness

• Promising but limited relative to human 
therapists

4 Alqurashi (2025) Saudi Arabia Cross-sectional survey 693 couples GenAI (generic) • Most couples believed AI would improve 
relationship quality

• Authors urge therapists to monitor use and set 
ethical rules

5 Brailas and Tsolakis 
(2025)

Greece Qualitative 
(interviews)

N = 10 ChatGPT • Relationship questions clustered into seven 
themes

• Useful when human support is absent, but 
generic and no substitute

6 Chun et al. (2025) USA/China System design +
expert evaluation

3 domain experts ConflictLens (LLM) • Experts found the LLM conflict-training realistic
• Supports self-guided practice of conflict- 

resolution strategies
7 Döring and Mohseni 

(2025)
Germany Two online 

experiments
N = 2658 Generative AI 

(text/image)
• Identical content rated lower when labeled AI- 

generated
• Anti-AI bias moderated by attitudes and AI 

literacy
8 Fu et al. (2025) USA Qualitative interviews N = 21 ChatGPT/GenAI • Needs differ across breakup stages; current tools 

fall short • Authenticity and potential harm 
were key concerns

9 Ploderer et al. (2025) Australia Collaborative 
ethnography

Small panel LLM chatbots • Chatbots augmented long-distance communica
tion via role-play and disclosure

• Generic, hallucinated replies felt mediocre: 
augment, not replace

10 Vowels, 
Francois-Walcott, et al. 
(2025)

Switzerland/ 
UK

Mixed-methods (three 
studies)

Focus groups N = 30; 
N = 20; N = 260

GenAI chatbots • Mapped public attitudes and acceptability of 
GenAI for couples

• Found both openness and reservations among 
users

11 Vowels, Sweeney, and 
Vowels (2025)

UK/ 
Switzerland

Pre-post evaluation N = 54 Amanda (GPT-4, 
voice)

• Voice chatbot improved distress, 
communication, conflict confidence

• High usability and working-alliance ratings
12 Vowels, Vowels, et al. 

(2025)
Switzerland/ 
UK/USA

Randomized 
controlled trial

N = 258 Amanda (GPT-4o) • Gains on 13 of 14 outcomes, sustained at follow- 
up

• Comparable to an evidence-based writing task 
(RCT evidence)

13 Zhang et al. (2025) USA Computational/ 
content analysis

500 IPV + 80 control 
posts

ChatGPT-3.5 • Identified IPV with 91.2% accuracy and 
consistent support.

• Struggled with nuanced and sexual-violence 
content

14 Chen and Zhang (2026) China Mixed (survey +
prototyping)

Survey N = 295; pilot 
N = 9-16

MoodBridge (LLM) • Identified perception, expression, and memory 
communication gaps

• Pilot supported LLM nonviolent-communication 
rewriting

15 Fan et al. (2026) China/ 
Malaysia

Online experiments Corpus N = 152; 
receivers N = 704

ChatGPT/LLM • Heavier AI drafting lowered perceived 
ownership and authenticity

• Light tone-rewrite with disclosure raised 
authenticity in apologies

16 Foriest et al. (2026) USA Mixed-methods 155 posts; 5 
subreddits

LLMs • Taxonomy of seven uses of generative AI in IPV 
experiences

• LLMs provide resources but can reproduce 
epistemic injustice

17 Jiang et al. (2026) Singapore Randomized, dyadic 36 couples (N = 72) LLM chatbot • Mediating partner responsiveness raised need- 
support and closeness

• Prompting disclosure alone did not increase 
closeness

18 Tseng and Liang (2026) USA Questionnaire +
interviews

N = 25 (90 prompts); 
17 interviews

GenAI chatbots • Maps roles users imagine for AI in dating and 
relationships

• Users navigate sycophancy and overreliance for 
relational gains

19 Ungless and Sastry 
(2026)

United 
Kingdom

Exploratory analysis 2 conversation 
datasets

Conversational 
LLMs

• People increasingly use LLMs for support during 
breakups

• Highlights risks, including potential for serious 
harm

20 Won et al. (2026) South Korea Controlled user study 20 couples (N = 40) GenAI drawing 
system

• Collaborative drawing fostered partner 
understanding and awareness

(continued on next page)
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(continued )

# Study Country Design Sample GenAI system Main findings

• Non-verbal interaction offered a path to 
relational insight

21 Zhang et al. (2026) South Korea Within-subjects 
experiment

10 couples (N = 20) LLM surrogate 
agents

• Proxy agents increased perspective-taking and 
externalized conflict

• But raised alliance, exclusion, and boundary 
concerns

Appendix C. Methodological quality appraisal

Study Design/evidence type Appraisal tool Main concerns identified Overall 
judgement

Hou et al. (2024) Computational analysis of 13,138 Reddit 
relationship-advice posts comparing LLM and 
human rankings.

Adapted JBI analytical cross- 
sectional/observational 
checklist

Large corpus strengthens precision, but Reddit users 
and relationship contexts were not independently 
verified. Corpus-level rankings cannot be treated as 
representative of individual experiences. Model 
responses varied across repeated prompts, and the 
observational design does not establish effects on 
couples.

Moderate

Vowels (2024) Multi-study experimental evaluation of 
GenAI-generated relationship advice, 
including lay and professional ratings.

JBI randomized or quasi- 
experimental checklist, 
according to each component

Controlled comparisons strengthen the appraisal of 
perceived empathy and helpfulness. However, 
participants evaluated brief, generated responses 
rather than using GenAI in an ongoing relationship. 
Outcomes were primarily subjective ratings, with 
limited evidence concerning actual relational 
behavior or durability.

Moderate to 
high

Vowels et al. (2024) Qualitative and professional evaluation of 
single-session GenAI relationship counseling.

JBI qualitative research 
checklist

Direct professional assessment provides relevant 
evidence on counseling qualities, but the sample was 
limited and the interaction was restricted to a single 
session. Findings concern perceived therapeutic skills 
and acceptability rather than sustained couple 
outcomes.

Moderate

Alqurashi (2025) Cross-sectional survey of 693 couples 
concerning expected effects of GenAI on 
relationship quality.

JBI analytical cross-sectional 
checklist

Relatively large couple sample, but the study 
measured attitudes and expectations rather than 
verified GenAI use or observed relational effects. 
Cross-sectional self-report data are vulnerable to 
selection and social-desirability bias and do not 
support causal conclusions.

Moderate

Brailas and Tsolakis 
(2025)

Qualitative interviews with adults who had 
used ChatGPT for relationship-related 
concerns.

JBI qualitative research 
checklist

The study provides direct and detailed user accounts, 
but the small, self-selected sample limits 
transferability. Findings may overrepresent 
individuals already willing to use and discuss GenAI, 
and reliance on retrospective accounts limits 
verification of use and outcomes.

Low to 
moderate

Chun et al. (2025) Proof-of-concept conflict-training system 
evaluated by three experts.

Adapted JBI qualitative/ 
system-evaluation checklist

The study provides early evidence of feasibility, but 
evaluation by only three experts offers limited 
empirical support. Couples did not test the system, 
and no relational or behavioral outcomes were 
measured. The prototype stage substantially limits 
generalizability.

Low

Döring and Mohseni 
(2025)

Two large online experiments examining 
reactions to AI-labeled relationship- 
counseling texts and couple images.

JBI randomized controlled 
trial/quasi-experimental 
checklist

Experimental manipulation and a large sample 
strengthen internal validity. However, the studies 
measured responses to labeled materials rather than 
naturalistic GenAI use. The authorship-label effect 
may reflect demand characteristics, social 
desirability, or beliefs about authenticity rather than 
a stable anti-AI bias.

Moderate to 
high

Fu et al. (2025) Qualitative interviews examining GenAI use 
during relationship breakups.

JBI qualitative research 
checklist

The study offers rich accounts across sensitive 
breakup stages, but the sample was small and self- 
selected. Retrospective self-report and the absence of 
partner perspectives limit conclusions about actual 
relational consequences or broader prevalence.

Low to 
moderate

Ploderer et al. (2025) Collaborative ethnographic study of GenAI- 
supported interaction in long-distance 
relationships.

JBI qualitative research 
checklist

The dyadic and contextual approach is a strength, but 
the small panel and collaborative design limit 
transferability. Participants' close involvement in the 
design may influence reported experiences, and the 
study cannot establish longer-term effects.

Moderate

Vowels, 
Francois-Walcott, 
et al. (2025)

Multi-study mixed-methods development 
and acceptability evaluation of an LLM-based 
relationship intervention.

MMAT mixed-methods criteria 
with design-specific JBI 
appraisal of components

The use of multiple studies and methods strengthens 
development and acceptability evidence. However, 
components differed substantially in design and 
sample size, and several outcomes concerned 
hypothetical willingness, usability, or perceived 
acceptability rather than relationship change.

Moderate

(continued on next page)
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(continued )

Study Design/evidence type Appraisal tool Main concerns identified Overall 
judgement

Vowels, Sweeney, and 
Vowels (2025)

Single-session or pre-post evaluation of the 
Amanda GenAI relationship intervention.

JBI quasi-experimental 
checklist

Direct intervention exposure and repeated outcome 
assessment are strengths. However, the lack of a 
strong randomized comparison in this component 
limits attribution of change to GenAI. Brief exposure, 
self-reported outcomes, and limited follow-up 
constrain conclusions about durability.

Moderate

Vowels, Vowels, et al. 
(2025)

Randomized controlled trial of an LLM-based 
relationship intervention compared with an 
established writing exercise, N = 258.

JBI randomized controlled trial 
checklist

Randomization, an active comparison condition, 
multiple outcomes, and a two-week follow-up provide 
the strongest intervention evidence in the review. 
However, the GenAI intervention did not significantly 
outperform the writing exercise, follow-up was short, 
and the evidence derives from the same research 
program as several related studies.

High

Zhang et al. (2025) Computational evaluation of ChatGPT-3.5 
responses to IPV-related and comparison 
posts.

Adapted JBI diagnostic test 
accuracy/analytical cross- 
sectional checklist

Use of coded IPV and control cases permits systematic 
performance assessment. However, online posts may 
not represent real-time disclosure or clinical decision- 
making, and the validity of findings depends on the 
reference coding. Errors in nuanced or ambiguous 
cases are particularly important given the 
consequences of false reassurance or 
misclassification.

Moderate

Chen and Zhang 
(2026)

Mixed-methods needs assessment and small 
pilot of the MoodBridge nonviolent- 
communication prototype.

MMAT mixed-methods criteria 
with JBI cross-sectional and 
quasi-experimental checklists

Combining a needs assessment with prototype testing 
strengthens design relevance. However, the pilot 
sample was very small, implementation was brief, and 
no established relationship outcomes were measured. 
Evidence supports feasibility more than effectiveness.

Low to 
moderate

Fan et al. (2026) Controlled online experiments examining 
GenAI involvement in intimate-message 
production and perceptions of effort, 
authorship, and authenticity.

JBI randomized controlled 
trial/quasi-experimental 
checklist

Experimental manipulation and a relatively large 
receiver sample strengthen causal interpretation of 
immediate perceptions. However, participants 
evaluated experimentally produced messages rather 
than communication within ongoing relationships. 
Outcomes were attitudinal and short term, and 
ecological validity is limited.

Moderate to 
high

Foriest et al. (2026) Mixed-methods computational and 
qualitative analysis of GenAI use in IPV- 
related online discussions.

MMAT mixed-methods criteria 
with adapted JBI observational 
and qualitative checklists

The study addresses a safety-critical context and 
combines systematic corpus analysis with interpretive 
examination. However, posters' identities, 
circumstances, and outcomes could not be verified. 
Online discussion data cannot establish prevalence, 
clinical safety, or the consequences of acting on the 
advice.

Moderate

Jiang et al. (2026) Randomized dyadic laboratory experiment 
with 36 couples examining GenAI-supported 
disclosure and partner responsiveness.

JBI randomized controlled trial 
checklist

Dyadic participation, random assignment, and direct 
measures of partner responsiveness and closeness 
strengthen internal validity. However, the sample was 
modest, the interaction was brief and laboratory- 
based, and longer-term effects on natural couple 
communication were not assessed.

High

Tseng and Liang 
(2026)

Mixed-methods questionnaire and interview 
study of naturalistic GenAI use for 
relationship concerns.

MMAT mixed-methods criteria 
with JBI analytical cross- 
sectional and qualitative 
checklists

Combining questionnaire responses, reported 
prompts, and interviews provides detailed evidence 
of user motivations and prompting strategies. 
Nevertheless, the sample was small and self-selected, 
use was self-reported, and the study cannot estimate 
prevalence or establish relational outcomes.

Moderate

Ungless and Sastry 
(2026)

Exploratory analysis of two datasets of 
human–LLM conversations concerning 
relationship dissolution.

Adapted JBI observational/ 
qualitative checklist

Naturally occurring conversations provide 
ecologically relevant examples, but only two datasets 
were examined and participant information was 
limited. The exploratory design cannot establish how 
common the identified patterns are or whether the 
interactions helped or harmed users.

Low to 
moderate

Won et al. (2026) Controlled dyadic user study of a GenAI- 
supported collaborative drawing system with 
20 couples.

JBI quasi-experimental 
checklist

Direct participation by couples and measurement of 
understanding and relational awareness are 
strengths. However, the sample was small, exposure 
was brief, and outcomes reflected immediate 
perceptions in an experimental task rather than 
sustained relationship change.

Moderate

Zhang et al. (2026) Small within-subjects dyadic experiment 
examining surrogate GenAI agents in conflict 
negotiation.

JBI quasi-experimental 
checklist

The within-couple design permits direct comparison 
of responses to different mediation conditions. 
However, the sample was very small, repeated 
exposure may have introduced order or carryover 
effects, and the brief artificial conflict setting limits 
transferability to real disagreements.

Low to 
moderate
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