Independent Cross-Check Verification
A method for confirming AI-driven outputs and decisions with two checks that cannot influence each other, and for testing that the checks themselves work.
Before you start
When this fits
1. Anyone relying on AI to produce or check work that matters: recommendations, research, code, content, data changes.
1. Teams using AI agents or subagents, where one agent's output feeds another and errors can compound quietly.
1. Setting up a review step for an AI workflow, and wanting evidence it works rather than an assumption.
When it doesn't fit
1. Low-stakes, easily reversible outputs, where a single quick review is enough.
1. It does not replace evaluation of the AI system as a whole. For that, see the Evaluation Framework by AI Type and the Eval Maturity Ladder.
How to use this document
1. Read the seven principles and the worked example.
1. For each AI output or decision you want to protect, fill in a verification plan: what the two checks are, how they are kept independent, and the planted error you will use to test them.
1. Run the checks, then record the results in the verification log, including disagreements and what you found when you investigated.

	Shaded boxes are for your answers
Everything in a shaded box is yours to fill in. The rest is the framework, which you can edit or cut to suit your organisation.




The seven principles
1. Use two checks, designed independently. Each check should look at the output a different way: a different method, a different reviewer, or a different agent with its own instructions. Two copies of the same check will share the same blind spots.
1. Keep the checks blind to each other. The second check must not see the first check's verdict. If it does, it tends to agree with it, and you lose the independence that made it worth running.
1. Treat agreement as confirmation, and disagreement as a signal. When two unrelated checks flag the same flaw, it is very likely real. When they disagree, do not pick a winner. Investigate why they saw it differently.
1. Test the check itself with a planted error. Deliberately feed in a case you know is wrong and confirm the check catches it. Run it more than once, so you know the catch is reliable rather than a one-off.
1. Check new items against each other, not only against what existed. When several new items are produced in one batch, each may be checked against existing material but not against the others. That is where duplicates and contradictions slip through.
1. Rule out the obvious explanation with evidence. Before deciding why a check failed, test the easy explanation directly. In the example below, usage data ruled out the AI running short of working context, which pointed to a real gap in the checking logic instead.
1. Verify the real result, not the report of it. Check the actual output, the status code or the working product, rather than a summary that says it works. A report of success is not evidence of success.

Worked example
From a rebuild of an AI business advisor on Claude Code, where subagents drafted tool recommendations for business areas and a separate reviewer subagent checked them.
When a check had a gap
A research subagent drafted ideas for three new business areas in one batch. Two drafts, for product development and strategic planning, independently proposed near-identical tool suggestions: automated competitor tracking, phrased two different ways. Each draft had been checked against the existing business areas, but not against the other new areas in the same batch. Before concluding anything, the session's usage statistics were checked to rule out the AI running short of working context. They showed the batch had used a small fraction of capacity, so the overlap was a real gap in the checking logic.
When the checks held
Later, a research subagent flagged one of its own suggestions as a doubtful fit: an enterprise data-science platform attached to a small-business idea. A separate reviewer subagent, working independently and without seeing that doubt, flagged the same pairing as a weak match. Two unrelated checks converged on the same flaw. A follow-up test deliberately attached an image-generation tool to an inventory-forecasting idea, and the reviewer caught the mismatch reliably.
	What made it work
The two checks were designed separately, neither saw the other's verdict, and the reviewer was tested with a planted error before its catches were trusted.




Verification plan
Fill in one plan for each AI output or decision you want to protect.
	Output or decision being verified
	

	Consequence if it is wrong
	

	Check A: method and who or what runs it
	

	Check B: method and who or what runs it
	

	How the checks are kept blind to each other
	

	Planted error used to test the checks
	

	What gets checked across the batch, not only against existing items
	

	How the real result is confirmed (not the report of it)
	




Verification log
	Date
	Item checked
	Check A
	Check B
	Agreed?
	Finding and action

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	
	
	
	
	
	



In the Agreed? column, a disagreement is not a failure. Investigate it and record what you found.

Source
Claude Code: The Strategic Case for Building with AI  https://asktanzz.com/blog/claude-code-strategic-case-building-with-ai
Framework from the AskTanzz.com blog series on data and AI.
Source: Claude Code: The Strategic Case for Building with AI	1
